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ABSTRACT 
 
Recent interactions between regular users of net can be 
seen using Micro blogging. Several users share their 
views on various aspects of life regularly. The micro 
blogging webs resources are wealthy sources of 
information for opinion mining as well as sentiment 
analysis. As a result of micro blogging has appeared 
comparatively recently, there are some analysis works 
that were dedicated to this subject. 

Using sentiments present in twwts posted by users, 
organizations can get a quick check non public opinion 
about their business and about their whole organization 
structure. Sentiment classifiers for twitter datasets are 
worked upon in recent times and has observed a variety 
of results. Sentiment classification will benefit 
corporations by providing knowledge for analyzing client 
feedback for product or conducting research. Sentiment 
classifiers ought to be ready to handle tweets in multiple 
languages[9] to hide a bigger portion of the obtainable 
tweets. 

In this paper we have developed a sentiment classifier 
which can tell positive, negative and neutral sentiment for 
a tweet. Experimental evaluations show that our projected 
techniques are efficient and perform higher than 
techniques found in literature. We here propose to mine 
sentiments from micro blogging service, Twitter, where 
users blog for real time situations. They express their 
opinions for almost every domain. Throughout this paper, 
we present a hybrid approach for exploitation lexicon 
based technique to find out the language point of 
direction of the opinion words in tweets. 
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1.  INTRODUCTION 

Current rising trend of collaborating over the network 
have increased the chances of communication, sharing 
resources and collaborative work. Various social 
networking sites like Twitter, LinkedIn, Snapchat, 
Instagram, Facebook, and YouTube have gained so 
popularity that we must take their cognizance. They have 
established themselves in every arena of the prime 
applications of internet. With their help users can create 
their own social network according to their need in a very 
easy and simple way. With the advent of this the users 
can share various information types like documents, 
images, wikis and blogs etc. Social networking sites like 
Twitter it's evident that it has created a pool of public 

opinions which are unique about every possible national 
as well as international entity like social, sport, religious, 
political, news , healthcare etc.[15], [16],[8]. Twitter has 
become a viable option for opinion generation and 
presentation.  But at the same time it throws new and 
altogether different challenges that we could have never 
imagined. The method to test these opinions is also 
incompetent and slow for analysis.  

Because there are many users are on the social media 
posting details of their products and or services, these 
micro blogging [10] websites are thus a very valuable 
source of sentiments [2] and opinions. This information 
and datasets are very much source of social studies. We 
often tend to use data set of twitter. This data set is 
nothing but the collections messages posted on twitter. 
Social media and in particular Twitter contains short 
messages. The variety of the messages can have personal 
opinions to public statements. 

Various political outfits will also be keen to know if 
public support their initiatives and program or not. Social 
welfare groups can open up people’s views on latest 
debates. The information on all these aspects can be 
gathered from micro blogging services where people 
usually keep writing everyday about every incident that 
took place and also about what they like/dislike about 
socio-political scenario and all aspects of their life [3].In 
our research we tried to find out how many times micro 
blogging has been used for sentiment analysis [4][17], 
and opinion mining [6]. 

We have used micro blogging platform and Twitter for 
the following reasons: 

 The platforms of Micro blogging are used by 
individual to voice their opinions on various 
subjects. So it can be treated as a valuable 
pool of opinions of individuals. 

 Twitter has tremendous variety of tweets and 
it grows exponentially every day. The 
collected text is huge form of big random 
data. 

 The user of Twitter ranges from a daily user to 
CEO s of organizations, celebrities, managers, 
directors, politicians, Presidents of nations. So 
we can have a huge mix of text data from 
totally different socio-cultural background. 

2. RELATED WORK 

Sentiment analysis of tweets knowledge is taken into 
account as a way tougher drawback than than of standard 
text like review documents. This is often partially because 
of the short length of tweets, the frequent use of informal 
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and irregular words, and also the fast evolution of 
language in Twitter. An oversized quantity of labor has 
been conducted in Twitter sentiment analysis following 
the feature-based approaches. 

The challenges are for the most part attributed to the 
dominantly informal tone of the small blogging. Pak and 
Paroubek[7] used the principle the employment micro 
blogging and a lot of significantly twitter as a corpus for 
sentiment analysis[1]. 

1. Micro blogging platforms are used separate 
individual to raise their concerns on variety of 
topics [3], so these platforms become a 
precious supply of people’s reactions.  

2. Twitter gathers a large variety of text 
messages which contains a huge variety of 
text posts and it develops into a large pool of 
information collected on a daily basis.  

3. The users of Twitter vary from regular user to 
CEO’s ,managers, directors of organizations 
to politicians and even presidents of nations. 
Therefore, a large variety of socio-cultural 
corpus is generated. 

4. Twitter’s audience is consisting of  users from 
several countries. 

 

Survey through the literature substantiates that the 
strategies of mechanically expanding upon sentiment at 
the word level[11] fall under the subsequent 2 categories: 

5. Dictionary-based approaches 
6. Corpus-based approaches 

Further, to alter sentiment analysis, completely 
different approaches are applied to predict the 
emotions[12] of words, expressions or documents. In our 
conceive to mine the sentiment from twitter knowledge 
we tend to introduce a hybrid approach which mixes the 
benefits of each lexicon & corpus primarily based 
strategies knowledge. 

Figure 1: Flow Diagram 

Figure 1  shows the flow diagram used to implement our 
system. 

3. METHODOLOGY 

The complete operating is split into four steps ,that are 
 Take user Input 
 Gather knowledge from Internet 
 Calculate Sentiment[2] 
 Give outline to the user 

The raw input can either be provided by the script 
exploitation some API or it'll be collected from user.once 
aggregation knowledge from user that's the string (say 
some-brand) the algorithm/script can attempt to collect 
the maximum amount as info attainable either by 
exploitation social network API or by exploitation the 

construct of internet scraping. The information is going to 
be hold on in an array and it'll be passed to the magic rule 
box which can contain the logic that may calculate the 
sentiment of every string gift within the array. Once the 
sentiment has been calculated by the project, it'll offer the 
outline to the user exploitation some graphs or by 
exploitation paragraphs. 

In order to perform sentiment analysis, we tend to are 
needed to gather knowledge from the specified supply 
(here Twitter). This knowledge undergoes numerous steps 
of pre-processing that makes it a lot of machine[13]wise 
than its previous type. The following preprocessing 
mechanisms are applied. 

i. Tweet assortment: Tweet assortment involves 
gathering relevant tweets concerning the actual space of 
interest. The tweets are collected exploitation Twitter’s 
streaming or the other mining tool, for twenty-four hours. 

ii. Pre-processing of tweets: The pre-processing of the 
information may be a important step because it decides 
the potency of the opposite steps down in line.  

iii. Removal of re-tweets: The steps concerned ought to 
aim for creating the information a lot of computer code so 
as to cut back ambiguity in feature extraction. 

Stop word removal: Stop words that don’t have an 
effect on the that means of the tweet are removed (for 
example and, or, still etc.) that checks every word from 
the text against a lexicon. 

v.  Making a dictionary 
vi. Generating a lexicon for words that are necessary 
vii. Twitter feature removal: User names and URLs 

don't seem to be necessary from the angle of future 
process, therefore their presence is futile. All usernames 
and URLs are regenerate to generic tags or removed. 

ix. Stemming: Substitution words with their roots, 
reducing differing types of words with similar meanings. 
This helps in reducing the spatial property of the feature 
set.[5] 

x. Feature Extraction : 
A feature may be a piece of knowledge which will be 

used as a characteristic which might assist in resolution a 
retardant (like prediction). The standard and amount of 
options is incredibly necessary as they're necessary for 
the results generated by the chosen model. Frequency 
analysis may be a technique to gather options with 
highest frequencies utilized in. Further, they removed a 
number of them because of the presence of words with 
similar sentiment (for example happy, joy, rapturous etc.). 
The work of extracting options may be a bit completely 
different as they don’t concentrate on a specific topic or 
event however proposes to seek out trending topics 
during a region. 

 
4. APPLICATIONS 

 Commerce 
Companies can make use of this research for gathering

 public opinion related to their brand and 
products. From the company’s perspective the survey of 
target audience is imperative for making out the ratings of 
their products. Hence Twitter can serve as a good 
platform for data collection and analysis to determine 
customer satisfaction. 
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 Politics 
Majority of tweets on Twitter are associated with 

politics[14]. Because of Twitter’s widespread use, several 
politicians are reaching to hook up with individuals 
through it. Individuals post their support or disagreement 
towards government policies, actions, elections, debates 
etc. therefore analyzing knowledge from it will assistance 
is in determinant public read. 

 Sports Events 
Sports involve several events, championships, 

gatherings and a few controversies too. Many folks are 
ardent sports followers and follow their favourite player’s 
gift on Twitter. These individuals of times tweet 
concerning completely different sports connected events. 
We will use the information to assemble public read of a 
player’s action, team’s performance, official 
selections etc.[1] 

 
5.RESULT AND DISCUSSION 

Figure 2 shows the applications interface. Fig. 3 shows 
the top 10 trends from twitter taken on a random day. 

 

 

Figure 2: Application GUI 

 

Figure 3: Top Ten Trends  

 
Figure 4: Fetched Tweet 

Figure 5: Actual Tweet with Time 
 

Figure 4 shows the tweet fetched by the developed system 
and Figure 5 shows the actual tweet. Table 1 discusses the 
results generated on latest trends.  

Table- 1: Table of Result 
 

 

6. CONCLUSION 

Micro blogging these days has became top trend in 
recent types of the communication. A latest analysis has 
discovered it as on-line viva-voce disapproval. The large 
number of information and knowledge present in micro 
blogging web resources has made a very interesting arena 
for supply of knowledge for opinion mining and 
sentiment analysis. In our research work, we have used a 
corpus [1]which has been trained as a sentiment classifier. 
Our classifier tool is ready to differentiate between 
positive, negative and neutral sentiments of documents. 

The approach used by us is a completely unique 
approach for sentiment analysis for knowledge collected 
from Twitter. The opinion words from the tweets are 
extracted to find the real sentiment. The technique used 
for language orientation was corpus based. The technique 
used for language orientation of verbs and adverbs is 
dictionary based.  
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