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Classification of Exploring the Mortality Rates of Diseases by

ABSTRACT

Early years, the analysis of healthcare data has become
one of the most committed research fields. The several
types of data in healthcare which are open several doors
for the new researchers. In this study, we have used the
electronic medical record database (EMRD)and compared
the mortality rates of NICU Department of KMC, Civil
Hospital, District Khairpur.We have identified the incident
based on the diagnosis of the last year. There are several
types of diseases such as Neonatal Sepsis, Pre-mature,
Birth Asphyxia, Meconium Aspiration Syndrome,
Neonatal Jaundice, Pneumonia, and Low birth weight,
Congenital Heart Disease (HD), Surgical Problems and
Respiratory Distress Syndrome (RDS).We conducted
sensitivity analyses of EMRD among patients who were
admitted in NICU ward, the record has been analyzed
using ML techniques and applied K-NN algorithm for
classification and data analysis of disease. Our data
analysis result will help the Government and the private
sector to give considerable focus on giving medical
facilities.

Key words: Patient Data, Electric Medical Record,
Machine Leaning, Diagnosis and Patient’s record

1. INTRODUCTION

Health-care(HC) is an expression that refers to the
structure of improving or maintaining health facilities to
meet people’s medical needs. In HC, health records are
maintained and restored by the patients, vendors,
Physicians, and health companies. Several types of
diseases are handled by health care including diabetes,
strokes,cancer, and so on using ML. The deadliest diseases
in  Neonatal Sepsis, Pre-mature, Birth Asphyxia,
Meconium Aspiration Syndrome, Neonatal Jaundice,
Pneumonia, Low birth weight, congenital heart disease
(HD), Surgical Problem and Respiratory Distress
Syndrome (RDS).The controlling, measuring diagnosis
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and treatment of human, it needs to analyze and predict.
The exact and reliable data are necessary for analysis for
treatment proposes [1,2].SL contains a training model with
a labeled record and applying the modeled that have
trained for predictions, builds in light of the current record.
It contains the distribution of data this involves the
distribution of the data into two sets, including a training
to set and a testing set. As the first model is trained to set
and then the performance is tested on the testing set. The
model’s performance might be evaluated using
performance metrics [3,4,5].RL works by emerging a
system that improves its performance by taking feedback
from the situation and taking possible steps to improves
them. It is a process of learning from the environment by
interacting with it without human help. This is a repetitive
process.Figure-1 shows the relationship between the data
and output[6].[7]The medical and genomic records have
been applied through the ML algorithms to analyze those
records. The aim of this study, the electronic medical
record database is increasing day to day and ML is using
for accuracy. In light of the accuracy of the record, future
strategies are made for giving health facilities to the needy
patient.In the field of healthcare and mortality rate, huge
information regarding the patient’s health and is
impossible for humans to process. Therefore, ML gives a
technique to identify patterns from large-scale data and
uses algorithms to predict patients’ future outcomes. ML
in healthcare helps users understand the potential of
existing programs and identifies treatments that provide
patients with the best outcomes according to their
condition. [11] A well-defined multilevel perception
model was praised for predicting the two-year survival of
non-small cell lung cancer patients. [12] The researcher
focused on a new improved classification approach for
survival prediction Hepatocellular (HCC). Picture-1 shows
the classification of Diagnosis and picture-11 shows the
classification of cases and mortality rate using ML.Figure-
1 show the name of diseases, shows tool Development and
Design is given using Figure- 3 and 4.
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Name of Deadliest Diseases

surgical Problem (6)

Sepsis Early onset (7)

Neonatal Jaundice (8)

Pneumaonia (9)

Figure-1 show the name diseases

1. Literature Review

Low birth weight (5)
MA Syndrome (4)

Birth Asphyxia (3)

e

Heart Disease (10)

Year | Papers Prose Cones

2018 [13] Has worked for knowing the exact death | Suggested to continue work for knowing the
cause on deathliest diseases Mortality rate of deathliest diseases

2018 [14] Worked on the fibrillation and chronic | Suggested to need peruse our explore findings for
kidney disease was related increasing | providing exact clinical controlling
rate of haemorrhage and ischaemic
stroke on mortality cause.

2018 [15] Has worked on chronic diseases and | Has explored the limitation that our study covers
mortality rates from 2012 to 2014 and need further study in this

regard

2018 [16] Has worked on the diseases Colorectal | Suggested to urgent work on this area due to
cancer and analysis Cancer Registry data | limitation period
of the management Center from 2008 to
2011for analysis risk causes

2019 [17] Proposed to analysis of climate-mortality | Suggested to need more work in this research area.
in parts of high malaria burden (Kenya)

2019 [18] Proposed to studies on the traditional | Further explore the TCM modalities and medications
Chinese medicine and investigate renal | are needed still
disease & know the mortality rates users
TCM treatment with DN

2020 [19] Has analysis data from the death | Explore that alcohol-related mortality increase and
certificate  “alcohol-related mortality | need for improving surveillance of alcohol-involved
rate” mortality

2020 [20] Proposed to analyzed the mortality rate | Proposed the 27 regions of the countries and four
affected by the Covid-19 pandemic regions were not express in the analyzed of the

Covid-19 pandemic mortality rate
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2. DATA AND METHOD

In the prospect of the data, we have studied many
associated research articles and book chapters of mortality
rates in various diseases and data analysis using ML
Techniques. The data has been taken from the NICU
department KMC, Civil Hospital, Khairpur. Additionally,
the electronic medical record database of this hospital has

been collected and used last year. Using ML techniques
and applied K-NN algorithm for classification and analysis
of disease.Fig-2 show the formula, Fig-3 show the
flowchart of the K-NN classifier Procedure, Figure-4 show
data and ML tool, Fig-5 shows tool development tool

dx,y) = [ X (xi = y,)
=]

Fig-2 Show the formula of K-NN algorithm

Reaod Vvalue of K,
Ty e of Distarnnce( )
& Test datoa

Jind the K nearesit
naeighbors (D) to the Test

Set Naxirmurrm

Lable class aoff
K to Test data

a2

Fig-3 Show the flowchart of K -NN classifier procedure

Output

Figure-4 show the connectivity of data and ML tool
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Figure-4shows the monthly classification of the patient year 2020
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Figure-5Shows the connectivity of tool Development and Design

3. CONCLUSION AND RESULTS identified the incident based on the year of diagnosis of

the last year. Additionally, this study has compared the

In healthcare and mortality rate, different types of data mortality rates of disease Department of NICU KMC,

are present, they can analyze a variety of data several Civil Hospital, Khairpur for potential confounders

Machine Learning algorithms. There are several between the cohorts. We conducted sensitivity data

diseases such as Neonatal Sepsis, Pre-mature, Birth analyses among patients, using Machine Learning

Asphyxia, Meconium Aspiration Syndrome, Neonatal (ML) and applied

Jaundice, Pneumonia, and Low birth weight, K-NN algorithm for classification and data analysis of
Congenital Heart Disease (HD), Surgical Problems and disease Figure-5 show the result.

Respiratory Distress Syndrome (RDS).This study has
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Comprision Mortality Rates of Diseases Year 2020
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