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Abstract: For any application, data used for predictive
analysis has to be pre-processed .Pre-processing of data
involves various steps in action based on quality of data and
the nature of the application. Prior to pre-processing a
general check is on missing data. The data is a dominant
entity (for data analysis) when an analysis is made on it. The
crux of the paper is to identify the optimality in data. This
work is novel in its idea in identifying optimality in data
before starting any pre-processing task. Irrespective of
domain and application for which the data is to be used; the
methodology approached here can be adopted. For
optimality checking GA is used .The proposed method has
yielded satisfactory results when applied on the different
data sets. The vulnerability of the method has been proved as
an attempt for two different data sets.
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INTRODUCTION

The usage of the genetic algorithm is found in various
fields such as economics, physics, mathematics,
biology and many other fields. The basic idea of
genetic algorithm begins with a general population of
arbitrarily created individuals and it is an iterative
method in which the residents in a monotonous are
referred to as an invention. For every creation, the
value of fitness method for each entity in the resident
is measured. An extra healthy entity is probably
picked from the present residents, and to generate a
new population, all individual’s entities are modified
or rearranged and probably haphazardly mutated to
form a recent invention. Normally, the genetic
algorithm stops once it reached the highest quantity of
creations have been shaped. The GA needs the
inherited version of the solution area and the fitness
function needs to evaluate the data set. The paradigm
demonstration of each applicant outcome is as a group
of string bits.
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Group of previous types and forms can be used in
efficiently the same way. The major assets which make
these inherited formations are correct and those
portions are simply associated with their permanent
size, which is used to assist the straight forward,
intersect operations. Once the inherited version and
the fitness functions are clear, a genetic algorithm

further assign a residents of solutions and
subsequently to recover it during iterative function of
the crossover, mutation, inversion and

choice/selection operators. The preliminary residents
are shaped from an arbitrary mixture of solutions
which are equivalent to chromosomes It involves the
illustration of an individual a possible result or
opinion or assumption in the form of its genetic
formation a data structure depicting a sequence of
genes called genome .The first process needs to do is
the selection of the data set for predictive analytics.
Once the data set is selected, it is very important to
check whether the data is optimal or not. In GA, as an
alternate of creating a preliminary residents having
genomes of arbitrary rate with a chaotic genome is
created.

RELATED WORK

Pongcharoen, P Khadwilard.A and Klakankhai.A have
proposed the integrated action that ensures the
realistic solutions such as the genome initialization
system, reproduction and transformation methods [6].
The author’s have evaluated the algorithm with the
aid of three sizes of benchmarking dataset of logistic
sequence network that are traditionally faced by most
worldwide manufacturing companies. Abdelmaguid
T.F has developed an inherited illustration and has
used an arbitrary edition of a previously urbanized
building heuristic in order to produce the preliminary
chaotic residents for centralized stock delivery [7].
Radhakrishnan.P has released an innovative and
proficient progress that facilitates on GA in regulation
to disjointedly build a selection that the most feasible
surplus store stage and deficiency level essential for
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optimal stock in the SCM and the whole prize of
supply chain is controlled[8][10].

METHODOLOGY

This work aims to identify the optimal data for stock
market and cervical cancer. The data from the two
different domains are tested with GA to estimate the

Fig. 1: Flow of the system
outstanding prevailing in the data. The pioneer
attempt that is the pinnacle of the work is using GA to
check for optimality in the data. The flow of the
proposed methodology is shown in the fig.1.

There are various genetic operators are used to check
the optimality of the data set for data analytics.

1. Initialization: In the beginning, all entity results are
arbitrarily created to form preliminary residents. The
resident’s volume is based on the standard world of
the problem, but usually contains a number of all
probable results. Usually, the general residents are
created arbitrarily, allowing the complete collection of
probable results. The value of the function is
measured with the given equation. The function,

2) k=123,..m

fx) = Iag(i — 1)

Where the Nc is the quantity of counts that occurs
during the phase and where m is the sum of gnome for
which the healthy process is considered. The Np is the
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sum of individual values obtained. In each genome
creation, the fitness method is carried out to the next
level and the created genomes are arranged on the
basis of fitness function. Where the Nc is the quantity
of counts that occurs during the phase and where m is
the sum of gnome for which the healthy process is
considered. The Np is the sum of individual values
obtained. In each genome creation, the fitness method
is carried out to the next level and the created
genomes are arranged on the basis of fitness function.
2. Chromosomes Representation: A preliminary
residents is created from a jumbled collection of result.
It involves the representation of an entity in the form
of its genetic structure. At each point of the search
process, a discovery of individuals is maintained.

3. Mutation: For mutation, the freshly formed
genomes are given from the reproduction process. By
doing the mutation, newest genome can be generated.
The mutation process is completed by an arbitrary
creation of two points and then doing exchanges
between both the genes .This is the most basic way to
alter a result for the next creation. Operators from the
local search techniques may be used slightly to handle
with the introducing new
information. The meaning of the process is about by
arbitrarily changing single or extra digits in the gnome

result for random

demonstrating an creature. In binary coding, the
mutation may simply mean changing a 1 to a 0 and
vice versa.

4. Crossover: Crossover or reproduction is as in
biological systems, candidate solutions combine to
produce children in each genetic algorithm iteration is
called a generation. From the generation of parents
and children, the survival of the fitness to become
applicant results in the subsequent creation. The
crossover is randomly picking one or more pairs of
individuals as parents and randomly swapping genes
of the parents. This result combines to form children
for the next generation. Sometimes they pass worst
information, but if the recombination is done in
grouping with a powerful method.
Recombination may be performed using different
methods such as one-point crossover, N-point
crossover and homogeneous recombination.

5. Termination: The genomes creation method is

selection

repeated till it reaches the stopping circumstance has
been reached. In general, the stopping situations
satisfy the least criteria. The uppermost position
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strengthens the final result or it has reached a history of records, it is found that the genetic algorithm is
used as an optimization tool analyzes the best data set for
data analysis.

maximum level, but the straight forward repetitions
never produce an improved result. For every point of
generation, the exploration method, a production of
individual is maintained. The preliminary residents
ideally have various persons. This termination process
is essential because the individuals study from each
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6. Fitness Method: This method is used to review the
values of the genome. To evaluate how secure a given
design pattern is to achieve the specified objective. In
meticulously, in the fields of GP and GA, each planned
result is showed as a sequence of information (also
called as a genome). Behind every surrounding of
checking, the preparation is to remove the N most
poorly created result, and to sort N newly created
from the most excellent design results. Every planned
result, consequently, wants to be awarded a form of
value, to signify how close to assemble the general
pattern. The fitness method is always problem
dependent. An illustration of a result may be a group s
of bits, where each bit forms a variety of entity, and the g -
assessment of the bit represents whether 0 or 1. No
such representation is legal, as the volume of things
may go beyond the facility of the problem. This
method guarantees that the progress is towards
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optimization by computing the robustness )
assessment for every creature in the given The _experlmental results for the. stock data a_nd
populations. cervical cancer data are shown in the following tables.

EXPERIMENTAL RESULTS TABLE 1: EXPERIMENTAL RESULT FOR SToCcK DATA

The tool “GA for Excel tool-v1.2” is used to check the

. . R . Generation | Chr Chr Repr Fitness Values
optimality of any data sets. This free tool is developed by Number
alexschrey for research work [14]. It allows the user to 1 0 136,001, 391.990, 25002, 194.100, 198323, 1
capture an excel data with any type of mathematical or | 1 735,099, 398,000, 44,001, 124.001, 302.000, 1
computational instances. Optimization can be performed 1 3 136,099, 391.880, 72,001, 751901, 502.998, 1
as maximization, minimization or the attempt to reach a Subsequent Fopulations
target data set. Applications for this method lie in every 0 0 381124, 361000, 337 519, 239,000, 684,008, 1
field of effort. If the data set is in excel format, it can be I 0 215.999, 358.979, 510.999, 271.001, 000010, T
optimized using this program. It has adequate facility for 1 15 591959, 170000, 100098, 339.001, §44.995, 1
all kind of projects. To optimize different data, the GA is 3 i 713,999, 398,979, 510.595, 260.000, 652.010, 1
used as an optimization tool which is used to check i g 213,993, 398.978, 332078, 260.000. §82.901, B
whether the collected data is suitable for data analysis or 97 7 286,953, 218919, 141.099, 319,348 491491, 1
not. So, the different datasets are optimized using GA. i 8 286953, 218.919, 141,099, 322,348, 491451, 1
Two different examples are used in the implementations 5 13 286957, 218.919, 141,009, 329.348, 491401, 1
are shown in the table 1 and table 2.The two preliminary 10 10 286:923, 218.919, 141.099, 329.348, 491491, B
genomes are created at the commencement of the Total Function Evahuations: 1136 Compy . Startingtima:4.0101 CompmFnd Tima: 4 D157PM
algorithm ‘5001001 186010, 104791’ 386998, 469.817" Best Chromosome in Last Generation: 286,937, 218 919, 141,328, 320 348, 491 461

and ‘246.099, 398.000, 44.001, 224.001, 502.999".The last

To optimize different data in data analytics, the
step value of 101th, the resultant genome moved towards P vtics,

genetic algorithm is used as an optimization tool

the secondary genome after each iteration. Finally, both
100t and 101t iteration, the best genome ‘859.622, 0.010,
8.900, 228.099, 301.961‘is obtained more than once. By
comparing the achieved result from the GA with the
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which is used to check whether the collected data is
suitable for analysis or not. So, the different datasets
are optimized using genetic algorithm. Two working
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examples had shown in two tables. The selection of the
data set is based on the values of the fitness method. If
the fitness value belongs to -1 to +1, then the selected
dataset is optimal for the data analysis.

TABLE 2: EXPERIMENTAL RESULT FOR CERVICAL
CANCER DATA

Generation | Chr Chr Repr Fitness Values
Number
-1 0 300.100, 186.010, 104.791, 386.998, 460.817, -1
-1 1 400.009, 886.991, 134.001, 240.902, 300,301, -1
Subsequent Populations

0 [i] 733201, 528.098, 875.999, 325.001, 470.199, -1
] 3 211093, 144 999, 001.000, 758.000, 001.993, -1
2 3 238.098, 119.099, 968 474, 738.000, 203 301, -1
10 3 238.000, 144,999, 901.001, 728.099, 001.999, -1
32 [ 839600, 720.732, 018.900, 228.005, 302.992, -1
73 T 839602, T40.751, 018.900, 228.005, 301.991, -1
99 3 339624, 000.010, 008.900, 228.099, 301 961, -1
101 14 460.334, 000.010, 008.900, 228.009, 301 061, -1
101 13 $30.622,000.010, 008.900, 228.099, 301.961, -1

Total Function Evaluations: 2236, Comp., Start Time: 4:39:18 PM Comp., End Time::39:18FAM

Best Chromesoms inLast Generation :839.622,0.010,008.900, 228.099, 301.961

The partial views of two different data sets are given in
the fig:l , fig:2 the two preliminary genomes are
created, at the start of the method. The first genome is
‘136.001, 391.990, 44.002, 194.100, 798.523 ‘and the
second genome is ‘246.099, 398.000, 44.001, 224.001,
502.999.The preliminary genomes are subjected for
the genetic operators, reproduction and mutation
.The final repetition rate of ‘101t’, the resultant
genome moved towards the resultant genome after the
each iteration. Based on the fitness value, the best
genome after the each iteration is selected. Finally, the
execution of the 101t iteration is chosen as the best
genome  ‘286.957, 218.919, 141.329, 329.348,
491.491'was obtained. From the given experimental
result, it is observed that the, the controlling resultant
genome is sufficient to optimize the best data set for
data analysis. Hence it is proved that the given
research work is used to check the optimality of the
specified data set for data analysis.

Checking, the preparation is to remove the N most
poorly created result, and to sort N newly created
from the most excellent design results. Every planned
result, consequently, wants to be awarded a form of
value, to signify how close to assemble the general
pattern. The fitness method is always problem
dependent. An illustration of a result may be a group
of bits, where each bit forms a variety of entity, and the
assessment of the bit represents whether 0 or 1. No
such representation is legal, as the volume of things
may go beyond the facility of the problem. This
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method guarantees that the progress is towards

optimization by computing the robustness

assessment for data set for data analysis.

CONCLUSION

The GA is used as an optimization tool for selecting
any data sets in data analysis. From this research
work, it is found that the GA can be considered as an
optimization tool for selecting the right datasets. It is
necessary to check whether the given data sets are
valid not. The results elaborate the vitality
requirement of optimality check on data before
forwarding for any pre-processing. The methodology
of using GA for optimality check has proven
unrivalled and novel in its naive attempt. The proof of
applying it on two different data set benchmarks the
method robustness.
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