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ABSTRACT 
Many internet users are increasingly search complex 
task-oriented goals on the internet, for example making travel 
arrangements and administrate finances or planning 
purchases. They are usually breaking down the tasks into a 
some codependent steps and issue multiple queries around 
these steps repeatedly after long time. To give a good support 
users in their long-term information quests on the internet, for 
searching purpose search engines keep track of their queries 
and clicks while searching online on internet. We study the 
problem of organizing a user past queries into groups in a 
dynamic and automated fashion by using some methods. 
Self-moving identify the query groups is helpful for a number 
of completely unlike search engine components and 
applications, query alterations, result ranking, collaborative 
search and sessionization. To cone nearer in that we go 
beyond near to that rely on like textual or time boundary 
value, and then we propose a more robust approach that 
leverages search query logs. 
 
Keywords— search history, query reformulation, query 
clustering, task identification, user history, click graph, 
 
1. INTRODUCTION 
 
The query reformulation and click graphs contain useful 
information on user behavior when searching online. In this 
paper, we show how such information can be used effectively 
for the task of organizing user search histories into the groups 
of query. We have to combine the two graph in query fusion 
graph i.e. query reformulation graph and query click graph. 
We specify that to show our approach that is based on 
probabilistic random walks over the query fusion graph 
outperforms time-based and keyword similarity based 
approaches. We also find value in combining our method with 
relevance keyword matching-based methods, exceptionally 
when there is insufficient usage information as per our 
queries. As per our project scope and it's future work, we have 
to intend investigate the usefulness of the knowledge gained 
from these query groups in various applications such as 
providing query suggestions and biasing the ranking of search 
results. 

 
 

 
2. LITERATURE AND SURVEY 

 
In software development process the Literature and survey is 
one of the most important step. Before to start developing the 
tool it is necessary to determine the economy, time factor and 
company strength. If these things are satisfied, then the next 
steps are to determine developing the tool which can be used 
for operating system and language. Once the Developer start 
building the tool the developers need lot of out of branch 
support. This support can be gain from senior programmers, 
from website or from books. Before to start building the 
system the above consideration are taken into account for 
developing the proposed system. 
 
EXISTING SYSTEM 
 
However, this is not workable in our outline for two reasons. 
The first reason is that, it may have the undesirable effect of 
changing a user’s existing query groups, possibly rewriting 
the user’s own manual efforts in organizing her history. The 
second reason is that, it can include a high computational 
cost, after past time we would have to repeat a large number of 
query group similarity computations for every new query. 
 
Disadvantages 
 
1. We trigger and explain a method to perform query 
grouping in a dynamic fashion. Then our goal is to ensure 
good performance while avoiding disruption of existing 
user-defined query groups. 
 
PROPOSED SYSTEM: 
 
1. if we can analyze how signals from search logs such as 
query reformulations and clicks can be used together to 
determine the relevance query groups from the existing query 
group . We analyze and study two potential ways of using 
clicks in order to enhance this process by fusing the query 
reformulation graph and the query click graph into a single 
graph that we refer to as the query fusion graph i.e. QFG, and 
make large query set when computing relevance to also 
include other queries with similar clicked URLs. 
 
2. if We display through comprehensive experimental 
evaluation the effectiveness and the robustness of our 
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proposed search log-based procedure, exceptionally when 
combined with approaches using other signals such as text 
similarity. 
 
Advantages: 
 
1. We will focus on evaluating the effectiveness of the 
proposed algorithms in capturing query relevance. 
2. Relevance Measure 
3. Online query grouping process 
4.  Similarity 
 

3. PRELIMINARIES 
GOAL 
 
In this project our main motto is to organize the search history 
into query groups with the help of clustering algorithm. Each 
query group contains a one or more related query and there 
corresponding query clicks. We have to choose a relevance or 
exact match query from the query group with the help of query 
fusion graph. The query fusion graph is the combination of 
Query reformulation graph and query click graph. For 
example we had to put some query like "java" then first the 
result will be fetch from java cluster group then with the help 
of k-means algorithm we get the best query result. 

 
IMPLEMENTATION MODULE 

Module Description: 
1. Query Group 
2. Search history 
3. Query Relevance and Search logs 
4. Dynamic Query Grouping 
 
Query Group: 
 
We need a relevance measure that is robust enough to identify 
similar query groups beyond the approaches that simply rely 
on the textual content of queries or time interval to distinguish 
between them. To come nearer to makes use of search logs in 
order to determine the relevance between query groups more 
having an effect. As a matter of, the search history of a large 
number of users contains signals look at the query relevance, 
to show that which queries tend to be issued closely together 
(query reformulations), then we have to find that which 
queries tend to lead to clicks on similar URLs (query clicks). 
Those signals are user-generated and are likely to be more 
vigorous, exceptionally when considered at scale. We have to 
suggest that to measuring the relevance between query groups 
by exploiting the query logs and the click logs simultaneously. 
 

 
Figure 1: query group 

 
Search History 
 
We study the problem of organizing a user’s search history 
into a set of query groups in an automated and dynamic 
fashion. Every query group is a collection of queries by the 
same user that are relevant to each other around a common 
informational necessity. Then we have to use those query 
groups are dynamically updated as the user outgoing new 
queries, and new query groups may be created over time. 
 

 
Figure 2: search history 

 
Query Relevance and Search logs 
 
We now develop the machinery to define the query relevance 
based on Web search logs. Our level of measuring the 
relevance is aimed at capturing two important properties of 
matched queries, such as:  
(1) Such a queries that frequently look together as 
reformulations and  
(2) Queries that have induced the users to click on similar sets 
of pages.  
We start our discussion by introducing three search behavior 
graphs that capture the aforementioned properties. Below 
that, we have to show that how we can use these graphs to 
compute query relevance and how we can incorporate the 
clicks following a user’s query in order to enhance our 
relevance metric. 
 
Dynamic Query Grouping 
 
One approach to the identification of query groups is to first 
treat every query in a user’s history as a singleton query group 
for identification of query group cluster, and then join these 
singleton query groups in an iterative fashion (in a k-means or 



Shejwal Pallavi et al.,   International Journal of  Advances in Computer Science and Technology, 3(4), April  2014, 260 - 263 

262 
 

 

agglomerative way). With respect to that, this is impractical 
in our scenario for two reasons. First, the given existing 
queries groups, possible for doing the user’s own manual 
efforts in organizing her history. Second, to include a high 
computational cost, then we would have to repeat a large 
number 
 

4. QUERY RELEVANCE USING SEARCH LOGS 

We now develop the machinery to define the query relevance 
based on Web search logs. Here our thought of relevance is 
aimed at capturing two important properties of relevant 
queries, are as follow:  
 
1. Queries that frequently appear together as reformulations 
and  
 
2. Queries that have induced the users to click on similar sets 
of pages or sets of pages that can contain clicks. Then we 
almost start our discussion by introducing three search 
behavior graphs that capture the donated laws. We show how 
we can use these graphs to compute query relevance and how 
we can incorporate the clicks following a user’s query in order 
to enhance our relevance metric. 
 
Search Behavior Graphs 
 
We derive three types of graphs from the search logs to 
concern with search engine. In the query reformulation 
graph, QRG has to show that relationship between a pair of 
queries that are likely reformulations of each other or in 
group. The query click graph, QCG, has to show that 
relationship between two queries that frequently lead to clicks 
on similar URLs i.e. same clicked URL. The query fusion 
graph, QFG, combine the information in the previous two 
graphs. All that three graphs are defined over the same set of 
vertices VQ, made up of queries which appear in at least one 
of the graphs, but there edges are defined separately. 
 
Query Reformulation Graph 
 
Simple way to identify relevant queries is to consider query 
reformulations that are typically found within the query logs 
of a search engine like Google. Here the two queries that are 
issued consecutively by many users occur frequently 
sufficient; they are simply to be reformulations of one 
another. Calculate the relevance between two queries issued 
by a person who can use it, time based metric, that makes use 
of the interval between the time stamps of the queries within 
the user search history on browser. we can nearer to defined 
by the statistical frequency with which two queries appear 
next to each other in the total query log, completely of the 
users of the system. 
 
Query Click Graph 
there are many different way to capture relevant queries from 
the search logs is to consider queries that are likely to induce 

users to click frequently on the same set of URLs clicked by 
user. Here we can see some example, if the queries “iPod” and 
“apple store” do not share any text or appear temporally close 
in a user search history on the database, if same because they 
are likely to have resulted in clicks about the iPod thing. In 
sequence to capture such property of relevant queries or 
clicks, we create a graph called the query click graph. 
 
Query Fusion Graph 
 
It is a collection of query reformulation graph and query click 
graph. We can use both two graph's characteristic to one 
graph then it is very easy to find out the relevant query for 
good result. Then we can create query fusion graph (QFG) 
using QRG and QCG. 
 

5. K-MEANS CLUSTERING 

Introduction 
 
Clustering 
The process of grouping a set of physical or abstract object 
into classes of similar object is called as clustering. A cluster 
is a collection of data object that are similar to one another 
within the same cluster and are dissimilar to the objects in 
other cluster. A cluster of data object can be treated 
collectively as on group and so may be considered as a form of 
data compression. Clustering is also called segmentation in 
some application because clustering partitions large data set 
into groups according to their similarity. 
 
Partition method 
 
Given D, a data set of n objects and k the number of clusters to 
forms, a portioning algorithm organizes the object into k 
partition(k<=n). Where each partition represents a cluster. 
The clusters are formed to optimize an objective partitioning 
criterion. The most well-known and commonly used partition 
method is k-means. 
 
K-means algorithm 
 
The k-means algorithm takes the input parameter k and 
partition a set of n objects into k cluster so that the resulting 
intracluster similarity is high but the intercluster similarity is 
low. Cluster similarity is measured in regard to the mean 
value of the object in cluster in known as cluster cancroid’s or 
center of gravity. 
 The working of k-means algorithm works as follow, first it 
randomly select k of the object, each of which initially 
represents a cluster mean or center. The remaining object is 
assigned to the most similar cluster on the distance between 
the object and the cluster. The process iterate until the 
criterion function coverage’s. The square-error criterion is 
defined as 
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Where, E is the some of the square error for all object in the 
data set; p is the point in space representing a given object and 

 is the means of cluster . 
 
Algorithm: k-means.  
The k-means algorithm for partitioning, where each cluster 
center is represented by the mean value of the object in the 
cluster. 
 
Input:  
 k: the number of cluster 
 D: a data set containing n object 
 
Output: 
 A set of k cluster. 
 
Method:  

1. arbitrarily choose k object from D as initial 
cluster centers; 

2. repeat 
3. (re)assign each object to the cluster to which the 

object is the most similar, based on the mean 
value of the object in the cluster; 

4. Update the cluster means, i.e., calculate the mean 
value of the object for each cluster; 

5. Until no change; 
 

6. CONCLUSION 

The query reformulation and click graphs contain useful 
information on user behavior when searching online some 
query. In this paper, we have to show that how such 
information can be used effectively for the task of organizing 
user search histories into query groups for relevance result. 
Much more exceptionally, we have to state that combining the 
two graphs into a query fusion graph. We can further show 
that our approach that is based on probabilistic random walks 
over the query fusion graph outperforms time-based and 
keyword similarity based nearer thing. We also calculate 
value in combining our method with keyword 
similarity-based process, exceptionally when there is 
insufficient usage information about the queries. As our next 
targeted future work, we have in the mind as a purpose to 
investigate the usefulness of the knowledge gained from these 
query groups in various applications such as providing query 
suggestions and biasing the ranking of search results. 
 

   REFERENCES 
 
[1] J. Teevan, E. Adar, R. Jones, and M. A. S. Potts, 
“Information retrieval: repeat queries in yahoo’s logs,” in 
SIGIR. New York, NY, USA: ACM, 2007, pp. 151–158. 
[2] A. Broder, “A taxonomy of web search,” SIGIR Forum, 
vol. 36, no. 2, pp. 3–10, 2002. 
[3] A. Spink, M. Park, B. J. Jansen, and J. Pedersen, 
“Multitasking during Web search sessions,” Information 

Processing and Manage- ment, vol. 42, no. 1, pp. 264–275, 
2006. 
[4] R. Jones and K. L. Klinkner, “Beyond the session timeout: 
Automatic hierarchical segmentation of search topics in 
query logs,” in CIKM, 2008. 
[5] P. Boldi, F. Bonchi, C. Castillo, D. Donato, A. Gionis, and 
S. Vigna, “The query-flow graph: Model and applications,”  
 

 Ms. Pallavi Shejwal 
Professor in PGMCOE, Pune. University of Pune. 
pallavinshejwal@gmail.com 
 

 Mr. Vikram Panmand 
Parvatibai Genba Moze College of Engineering, Pune. 
University of Pune. 
Vikky.panmand@gmail.com 
 

 Mr. Kirankumar Vyavahare 
Parvatibai Genba Moze College of Engineering, Pune. 
University of Pune. 
vyavaharekiran@gmail.com 
 

Mr. Rakesh Govalkar 
Parvatibai Genba Moze College of Engineering, Pune. 
University of Pune. 
Rakesh.govalkar@gmail.com 

 Mr. Harshal Gandhi 
Parvatibai Genba Moze College of Engineering, Pune. 
University of Pune. 
Harsh0890g@gmail.com 
 


